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Introduction

»Individual expectations about future aggregate outcomes [are] the key feature that
distinguishes social sciences and economics from the natural sciences.” (Hommes, 2010, p.
2.) Economics engages with individuals as actors, and with their interactions that weave into a
system. This system is limited by the ambiguity of investor expectations: what the average
opinion of investors is about average opinion. Classical economics dismisses the speculation
on expectations by assuming that investment decision-making is rational. Thus, theories on
the Efficient Market Hypothesis and the subsequent emergence of the Capital Asset Pricing
Model gained popularity. The world as we know it proved that these theories are unrealistic,
and behavioural finance emerged as an alternative solution focusing on investors with
bounded rationality. In order to relieve the restrictive assumptions of the CAPM, such as the
assumption of homogeneous expectations: heterogeneous agent models of investors emerged.
This gave rise to my research question to examine how differences of opinion of individual
investors may be captured. Since, the opinion of investors cannot be observed directly, |
collected sell-side analyst forecasts, a regularly published set of data and | assumed it to be a

proxy of investors’ expectations on future market returns.

If markets were as efficient as the strong form of the Efficient Market Hypothesis suggests,
then prices would already incorporate all available information. Thus, examining analyst
opinion data would be redundant to understand equity market returns. However, my
experience as a sell-side equity analyst gives me an oversight of the microstructure of the
equity markets. When new information emerges, investors adjust their trades instantaneously.
As a result, stock prices quickly reflect the new information. Analysts, on the other hand,
would revise their fundamental models and adapt their research ideas with a lag (perhaps in a
few days time). It is their research product that reflects a more thorough interpretation of the
new information. The extent to which prices would fully-reflect the processed new
information depends on the work of analysts alongside investors. The equity research industry
inspired scientific research to examine the implications of the aggregate opinion of sell-side

analysts. Does the dispersion of analyst opinion tell us anything about market returns?

Another separate line of research seeks to understand market returns focused on the
relationship between investment funds’ aggregate net flows and equity market returns. The
research on this topic mostly covers developed markets. Intuitively, fund flows ought to drive

returns and vice versa, returns ought to attract flows into the investment funds.



The unconnected research papers motivated me to examine how equity markets work with a
view of the market microstructure, taking into account that analyst opinion and fund flows are
not independent from one another. Analysts serve their investor clients, who make investment
decisions, which are reflected in fund flow data. | became curious to understand how
information passes from analysts to their institutional investor clients (fund managers), and
onto the individual investors (e.g. retail clients), who induce the fund flows. Eventually, flows
into and out of investment funds will lead to trading, that registers different opinions into
asset prices. Therefore, examining the relationship between the three elements together,
namely analyst forecasts, investment fund flows and asset returns, is justified. It is also a
novice approach that I hope would help me find new results to better explain the efficiency of

equity markets.

Another interesting aspect of my research is that | examine Emerging European equity
markets, a segment that was left untouched by the international literature on both analyst
forecasts and fund flows. Furthermore, my empirical research covers a period of 12 years
(from Autumn, 2000 — Spring, 2012) which is considered to extend over a complete economic
cycle, with sub-periods spanning an economic boom in the early-mid years of the past decade,
and the years of the recent financial crisis. It is interesting to see whether results differ in a

pre-crisis from a post-crisis period.

This dissertation will first introduce the history of equity market returns. Classical economic
theory that presents the Efficient Market Hypothesis, its proponents and opponents is
discussed in the first chapter. Then, in chapter 2, I introduce the market microstructure: how
markets work. Investors, analysts and brokerage firms are interrelated, and the professional
relationship reveals that analysts on the sell-side give their opinion in the form of investment
recommendations and target prices on assets they cover. Inventors are the recipients of the
research, and also, they are the investment decision-makers. In chapter 3, | present the
measurement of analyst opinion, and the methodology of aggregating analyst opinion to cover
countries (rather than single stocks) to make them comparable with country-related fund flow
data. In chapter 4, | present the literature on the relationship between analyst forecasts and
returns. The papers are presented chronologically. This is followed by chapter 5, where |
present the literature on the relationship between investment fund flows and market returns.
This area of research is covered only by a handful of papers. In chapter 6, | outline my
empirical work, introducing the datasets at hand, my hypotheses, the methodology and the

results of my empirical examinations.



The relationship between analyst opinion and market returns:

A wide range of published papers tackle the issue of heterogeneous beliefs in the context of
asset pricing. Most papers focus on whether the differences in analyst opinion have a

significant effect on future stock returns.

Literature on negative relationship

Diether, Malloy, and Scherbina (2002) (henceforth DMS) and Johnson (2004) report a
negative relationship between the dispersion of analysts' earnings forecasts and future returns,
and show that dispersion in earnings forecasts is not suitable as a proxy for risk. Diamond and
Verrecchia (1987) and Hong and Stein (1999) found no significant relationship between the
two, and several other researchers like Malkiel (1982), Barry and Brown (1985) accounted for
a positive correlation and consider dispersion as a possible proxy for risk. In response to the
contradicting evidence, Qu et al. (2004) argued that the mixed results were due to the wrong
definition of the risk measure. They said that it is the variability in dispersion and not the level
of dispersion per se that is important. They show that the variability of analysts' earnings

forecasts — being a systematic pricing factor — is a good proxy for risk.

Literature on positive relationship

Several papers document that dispersion of analysts' earnings forecasts is positively correlated
with future returns and also with risk measures such as the market beta. Malkiel (1982) argues
that dispersion is actually a better proxy for risk than the traditional market beta, because he
accounts for a higher correlation coefficient between dispersion and expected future returns,
than between the beta and expected returns. This result contradicts the findings of DMS. This
may be attributed to the methodology applied. The expected future returns are derived using
the dividend discount model, while DMS and Johnson (2004) used ex-poste returns. Malkiel
(1982) estimated his model during 1960s and there is evidence (Bodie et al., 2003, p. 403.)
that in the 1950-1999 time period the two valuations differ substantially, indicating that their
results are data specific.

Barry and Brown (1985) built a theoretical model of differential information, which predicts a
positive relationship between the divergence of analyst opinions and excess returns. They
argue that the increase of the relevant available information has two consequences at the same
time. On the one hand it reduces the divergence of analysts' opinion, and on the other hand it
reduces the estimation risk. Lower estimation risk means lower risk, and according to the
basic risk-return trade-off it implies lower subsequent expected excess returns. In this way
divergence of opinions can be used as a proxy for systematic risk. The main set-back to their

model is that it lacks empirical evidence, it remains only a hypothesis.



The Relationship between Fund flows and Market Returns

In recent years, several academic papers studied investment fund flows and their effect on
prices and yields as investment funds might contribute to the stabilization or destabilization of
the financial markets (Bengtsson, 2009). Furthermore, money in- and outflows to investment
funds may have an impact on equity returns as it was shown by Fridson (2000), on
commodity prices like gold prices (Warther, 1995) and on stock prices as well (Warther,
1995; Fortune 1998). Moreover, since it might influence the stock prices it might have an
effect on stock market returns, as shown by Warther (1995) and Goetzmann and Massa
(1999).

Applied Methodology

The database collected for the empirical research of my dissertation is truly unique. The
source of the data on analysts’ forecasts was Bloomberg. The database includes 7 countries
that are part of the EMEA region, which is an abbreviation for Europe, Middle East and
Africa. My focus area within EMEA region is on Austria, Czech Republic, Poland, Hungary,

Romania, Russia and Turkey, which | will collectively refer to as Emerging Europe.

| proceeded on to grouping data in order to obtain a weekly time-series of forecast mean, and
dispersion. I introduce the following notation system.

s — stock where s (1....S) S is the total number of stocks within a country.

a — analyst where a (1....A) A is the total number of analyst in our database.

t —time where t (1.....T)

R — recommendation R (1,2,3,4,5)

R . is the latest recommendation given for stock s valid on week t by analyst a.

Average of recommendations of a given stock on a given week.

2R

aﬂ.A :R't

1. Equation

Dispersion is measured by the standard deviation of recommendations of a given stock on a
given week.

J =3

A\ :

2. Equation



If an analyst doesn’t publish a new recommendation on a given week, I consider the latest
recommendation published to be valid up to 3 months time. If no update is given within the
next 3 months, | consider the recommendation out of date and exclude it.

The database contained several recommendations by the same analyst for the same stock
during the same week. In such cases, | considered the most recent recommendation.

To create country recommendations, | aggregated individual stock recommendations
weighting them with their respective weights in the country’s main stock index. Index weights

are tracked for each month.

W v is the weight of the stock in the country index on week t.
| proceed to calculate the average and standard deviation of the country recommendations.

Average recommendation for a given country on a given week:

S
SRR
sq
3. Equation

Standard deviation of recommendations for a given country on a given week:

S

Pe VSRS
sa
4. Equation

Now, | have established weekly time series of average opinion represented by the average
recommendations, and the heterogeneity of expectations proxied by the standard deviation of

recommendation for each of the seven countries of the Emerging European region.

Data on Investment Fund Flows

The source of fund flow data is the Emerging Portfolio Fund Research (EPFR) database that
gathers information from investment funds on their flows globally. It publishes fund flow
reports on a daily, weekly and monthly basis and the data are available to subscribers for a

fee.

The fund flow data gathered during my research work are for the same seven countries
included in the analyst forecast database, namely Austria, Czech Republic, Hungary, Poland,
Romania, Russia and Turkey — collectively called Emerging Europe. The data covers weekly
fund flows for equity investment from 27" October, 2000 to 10" August, 2011 that makes up
a time-series of 564 observations for each country. Also, | have data for assets under

management (AUM) for each week.

The comparison of flow data across countries faces two problems. One is that the countries

differ in the magnitude of assets and the volume of the flows. Another problem is that



compilation of data by EPFR expanded as years passed by, and currently the dataset covers
more funds than at initiation. Therefore, for analysis purposes, | will compute flows in relative
terms as a percentage of total assets under management. This will normalise the data to allow
for comparisons of countries that have different flow sizes and will also handle the problem of

the extension of coverage through time.

Also, as the data are denominated in USD, changes in flows will reflect not only investor
behaviour, but also the effects of foreign exchange rate fluctuations.

My database includes all funds and country-dedicated funds. All funds include full coverage
of EPFR funds and take the pro-rata share of a fund’s investments into a country, based on the
disclosure of the fund manager. Country-dedicated funds are a sub-set of the all funds data.
They include flow from funds only dedicated to investing to a particular country. For analysis
purposes, | will use the all funds data to capture the more extended set of fund data.

Results of Empirical Tests

In this chapter, I present my hypotheses and the results of the empirical tests | conducted with
the aim of identifying possible relationships and causality between analyst opinion, fund
flows and market returns. As shown in figure 1, a relationship may exist between any of the
three variables.

My proposition is that the functioning and compensation of the equity research industry
indicates that the market does reimburse their efforts, subsequently assigns an economical
value to their information-processing work. From this stems my assumption that market
efficiency in its strongest form does not hold in practice and that the semi-strong form would

not hold without the existence of equity research.
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Market

Fund flows
returns

Analyst

opinion

Figure 1: The inter-relations between analyst forecasts, investment fund flows and market returns. Source:

author.

H1: A relationship exists between index returns and average analyst opinion

(recommendation and target prices).

Average target price for BET (1,2,5 lags), BUX (1,2 lags), ISE (3-8 lags) and Micex (1-4

lags) indices Granger-caused USD-based returns negatively.

This means that higher target prices for Romanian, Hungarian, Turkish and Russian stocks 1-
3 weeks earlier led to lower dollar returns.

Average recommendations for ATX (1 lag) Granger-caused local currency and dollar-based
returns negatively. Conversely, average recommendations for BET (2,5,6,7,8 lags) and BUX

(2 lags) Granger-caused local currency returns positively.

This means that average recommendations gave mixed results regarding the direction of the
relationship, with significant causality for the Austrian (1 lag), Romanian (2,5,6,7,8 lags) and

Hungarian (2 lags) indices.

One might infer that target prices prove to be a more consistent indicator to analyst opinion,
and have a more straightforward effect on average returns, albeit in a negative direction,

whereas past recommendations provide ambiguous signals in predicting weekly returns.
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Figure 2: Full period Granger-causality for given markets with specified lags. Numbers in red indicate a
negative relationship; the others indicate a positive relationship.

To further explore this effect, | repeated the same test on two parts of the data, the first
covered the period from 25th September, 2006 to 14th September, 2008, a period of economic
boom, when stock markets saw an upward trend. This period I called the pre-crisis period.
The second, the post-crisis period covers the period from 14th September, 2008 to 8th August,
2011. 15th September, 2008 was the day chosen to divide the data into pre- and post-crisis is
the memorable day when Lehman Brothers announced filing for bankruptcy; its share price
fell 90% on that trading day.

In the pre-crisis period, average target prices for ATX (1 lag), BUX (1,2,6 lags) and ISE (2-8
lags) Granger-caused local currency returns negatively. Average target price for ISE (1,2,7,8
lags) Granger-caused USD-based returns negatively.

Recommendations proved less effective in explaining index returns in the pre-crisis period.
The impact of recommendations was less apparent in the post-crisis period, but corroborated
previous results with two examples of causation. Average recommendation for ATX (1,2
lags) and BET (2,3 lags) Granger-caused local currency returns negatively; furthermore ATX
(1 lag) and BET (2,3 lags) Granger-caused USD-based returns negatively.
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Figure 3: Pre-crisis period Granger-causality for given markets with specified lags. Numbers in red indicate a
negative relationship; the others indicate a positive relationship.
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Figure 4: Post-crisis period Granger-causality for given markets with specified lags. Numbers in red indicate a
negative relationship; the others indicate a positive relationship.
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Results from splitting the time-series into bull (pre-crisis) and bear (post-crisis) markets
supported the findings from the examination of the full period, namely, that average target
prices cause weekly returns negatively.

The causal relationship in the opposite direction was also tested to get proof whether index
returns caused analyst opinion. Examining the full period, average target prices for ATX
(2,4,5,7 lags) and BET (2-6 lags) Granger-caused local currency returns negatively. Also,
ATX (2,5 lags) and BET (2-8 lags) Grangers-caused USD-returns negatively.

For the same period, average recommendations showed mixed results. BET (1 lag), BUX (2-8
lags) and PX (5-8 lags) Granger-caused local currency returns negatively. Also, average
recommendations for BET (2 lags) and BUX (2-8 lags) Granger-caused USD-based returns
negatively. On the other hand, BET (2 lags) and WIG (5-8 lags) Granger-caused local
currency returns positively. Also, average recommendations for PX (2 lags) Granger-caused

USD-based returns positively.

Pre-crisis average target prices barely showed any effect, only BUX (7, 8 lags) Granger-

caused both local currency and USD-based returns negatively.

Average recommendations in the bull market showed similarly rare instances of causality.
Average recommendation for BET (1-5 lags) Granger-caused local currency returns
negatively, and average recommendations for BET (2 lags) Granger-caused USD-based
returns negatively. The WIG (5 lags) showed a positive relationship, on the other hand.

In the bear market, average target prices for ATX (1-5 lags) and BET (2 lags) Granger-caused
local currency returns negatively, and ATX (1, 2 lags) and BET (2, 3, 4 lags) Granger-caused

USD-based returns negatively.

Results from the causality tests between analyst opinion and index returns generally shows a
negative relationship — especially in the post-crisis period — target prices appear to give the
message to trade the opposite of what analyst recommend. A possible explanation could be
that analysts appear to be late in publishing their opinion, or another explanation could be that
the market does not react to their opinion in the first 8 weeks following publication; after all,
analysts publish 12 month target prices and recommendations.

H2: A relationship exists between the dispersion of analyst opinion (target prices and

recommendations) and market returns.

Dispersion is captured by relative standard deviation of all valid target prices and
recommendations issued for a given stock during a given week. Weekly market returns are

calculated for each stock individually in both local currency and USD as in the previous

14



examinations. To test whether a causal relationship exists, and to determine its direction, |

will use the Granger causality test between the two time-series for each stock.

Dispersion of target prices for the full period for ISE (1,2 lags) and Micex (2,7 lags)

negatively Granger-cause local currency return, and ISE (1-5,7 lags) and Micex (2, 4 lags)

negatively Granger-cause USD-based returns. This is in line with evidence reported in the

literature showing a negative relationship between dispersion and returns, indicating that

higher dispersion is a proxy for risk, and therefore result in lower returns. Uncertainty is a

different concept from risk. Bélyacz (2010) summarises and explains the literature that

defines risk as having known or estimated probabilities, whereas uncertainty considers both

the outcomes and their probabilities as unknown. Investors require compensation for holding

stocks that entail high uncertainty, as measured by the high dispersion in analyst forecasts.

The opinion of analysts that show in one direction, or have a low dispersion means that

analysts are more certain regarding the future prospects of the stock.

BET(LC), BUX(LC)s47 PX(LC)ps547
WIG(LC),-
BET(USD), ISE(USD), PX(USD),-

Fund flows

<€

MICEX(USD) 1.5 PX(USD) 1.5 WIG(USD)

Recommendations Recommendations Recommendations

MICEX;5678 MICEX,.g BUX(LC),

PX3 WIG(LC)23456,7,

Target prices WIG(USD);,3.45

Target prices BUX;

BET, 5 Target prices

MICEXs ISE(LC) 1,
MICEX(LC)23456.7
ISE(USD) 157

MICEX(USD), 3.4

Dispersion of analyst
opinion

Index returns

Recommendations
None

Target prices
ATX(LC)s5
BET(LC) 5.6
ATX(USD)sg
BET(USD)s 5

Figure 5: Full period Granger-causality for given markets with specified lags. Numbers in red indicate a

negative relationship; the others indicate a positive relationship.

The results are only true in the case of two markets, the Turkish and the Russian, and the

latter showed mixed results. The outlier result is the positive causal relationship from Micex

(3-6 lags) for local currency returns.
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Looking at the pre-crisis period, the dispersion of target prices for ATX (1-3 lags), ISE (1 lag)
and Micex (3 lags) Granger-caused USD-based returns negatively; in line with the literature
results. The post-crisis period showed that dispersion of target prices for ATX (7,8 lags)
positively Granger-caused local currency and USD-based returns, whereas ISE (1-3 lags)
negatively caused USD-based returns.

Dispersion of recommendations showed the opposite results. For the full period, BUX (1 lag)
and WIG (2-6 lags) positively caused local currency returns, with the exception of WIG (7,8
lags) where the causal relationship was positive. The pre-crisis period confirmed the positive
causal relationship for PX (1 lag) and WIG (2-5 lags) for local currency returns and for PX (1
lag) and WIG (1-5 lags) impacting USD-based returns. A minor outlier was WIG (1 lag) with
a negative relationship with local currency returns. The post crisis period also gave proof of
positive causation for BUX (1-4 lags) and WIG (3-5 lags) for local currency returns. Outlier
considering the direction of the relationship was PX (2 lag) that showed a significant negative
relationship with local currency returns.

These results, although mostly show positive direction of causality, are mixed and would be
insufficient to draw conclusions, but the difference in the direction of the impact
recommendation and target price dispersion has on returns is noteworthy. As if, one is a

strong signal to investors, whereas the other is being published under pressure to please.

BET(PX(LC)1,3 ISE(LC)g WIG(LC);235

PX(USD),s WIG(USD),

Fund flows 2 Index returns

<€

MICEX(USA) 12345678 PX(USD) 12345678 WIG(USD) 12345678

Recommendations Recommendations Recommendations Recommendations
ATX 2345678 ISE 5345 PX(LC)1 ATX(LC) ¢
BETas WIG, WIG(LC) 12345 MICEX(LC)g 7,
PX(USD), ATX(USD) 5
Target prices Target prices WIG(USD) 12345 MICEX(USD)s 7
BUX; Target prices Target prices
ATX(USD) 1.5
. . TT'UsD),
Dispersion of analyst EX(USD).
opinion

Figure 6: Pre-crisis period Granger-causality for given markets with specified lags. Numbers in red indicate a
negative relationship; the others indicate a positive relationship.
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Figure 7: Post-crisis period Granger-causality for given markets with specified lags. Numbers in red indicate a

negative relationship; the others indicate a positive relationship.

No effect was observed for the pre-crisis period. The post-crisis period showed that local
currency returns Granger-caused ATX (2-8 lags) and BET (3-8 lags) negatively, as expected.
Also, USD-based returns Granger-caused ATX (3-8 lags) and Micex (2 lags) negatively.

The other part of my research refers to investment fund flow data. The compilation,
publication of the data, its reporting and monitoring by investors implies that investment fund
flow data carry economic value that is not yet fully understood by the market. To unveil the

effects of this data, | examined its relationship with market returns.
H3: A relationship exists between investment fund flows and market returns.

Flow data were arranged on a weekly basis, published to include data from every week’s
Thursday to the following week’s Wednesday. The weekly stock returns were constructed
accordingly to cover a Thursday-Wednesday period. The reason | had arranged analyst
forecast data in the same weekly format in which fund flows are reported is to allow for
testing the two datasets against one another. Fund flows (FF) are taken as a percentage of
assets under management (AUM) of the funds covered and hereinafter referred to commonly
as the funds, whereby I refer to (FF/AUM).
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The hypothesis is that a positive relationship exists between index returns and FF/AUM, and

the causal relationship can be in both directions. The results support the hypothesis.

For the full period tested, funds Granger-caused local currency and USD-based returns for
BET (2 lags), BUX (2,4,7 lags), PX (2,4,7 lags) and WIG (2,7 lags) positively.

The surprising results comes from the pre-crisis period, funds negatively cause returns. In the
case of PX (1,2,3 lags) and WIG (1,2,3,8 lags) a negative Granger-causality was recorded for
local currency returns. Also, PX (1-5 lags) and WIG (1-5 lags) also negatively Granger-
caused USD-based returns. The post-crisis period showed mixed results. ATX (4,7 lags), BET
(2 lags), BUX (2,4,7 lags), ISE (2 lags), Micex (2,5,7 lags), PX (2-7 lags) and WIG (2,7,8
lags) showed positive relationships with local currency returns, whereas ATX (5,6 lags), BUX
(3,5,6 lags, Micex (1,3,4,6,8 lags), PX (8 lags) and WIG (6 lags) showed negative
relationships with local currency returns. A similarly mixed result was arrived at for USD-

based returns.

These results could be interpreted that funds impacted returns during and after the crisis, and
had inconsistent mixed effects in the earlier stage, perhaps owing to the fact that data
collected from the funds did not cover a considerable proportion of the trading volume on
CEE equities. However, post-crisis results show that fund data could be valuable for those

who trade based on observing the positive causality of funds on index returns.

The second part of the question is how do index returns help understand funds. The
assumption again is that the relationship is positive. For the full period, local currency and
USD-based returns significantly Granger-cause funds positively for ATX (1-6,8 lags), BET
(1-8 lags), BUX (1-6,8 lags), ISE (1-5,8 lags), Micex (1-8 lags), PX (1-5,7,8 lags) and WIG
(1-8 lags). Results are fully in line with our expectation. Higher returns induce higher fund
flows. Pre-crisis period shows this positive causal relationship for all indices for 1-3 lags.
Some alternate relationship directions are shown for later lags, but this does not affect our
conclusion, that positive (negative) returns for the past 1-3 weeks cause higher (lower) fund
flows. The post-crisis period also corroborates this result and conclusion, and shows a strong
causal relationship for all indices covering all lags. Slight outlying results (visible in the

graph) do not impact the overall conclusion.

H4: A relationship exists between average analyst opinion (target prices and

recommendations) and investment fund flows.

Average target prices for BET (1-7 lags), BUX (1 lag) and Micex (1 lag) Granger-cause funds
negatively for the full period.
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In the pre-crisis period, BET (1-7 lags) and BUX (1 lag) indices show a negative causal
relationship (expect WIG (2 lags) shows a positive relationship). Post-crisis, BET (1,3 lags)
and Micex (1,2 lags) support the negative relationships established for the previous periods.

Average recommendations have a less apparent impact. For the full period, only BUX (8 lags)
shows any significant causal relationship with funds, and that is a negative relationship.
During the pre-crisis period, BUX (4 lags) shows a positive relationship, and the post-crisis
period brings Micex (1 lag) to cause funds in a negative directions. These results are weak and
do not help in explaining how funds react to analyst opinion.

The other direction of causality was tested with more apparent results. Funds Granger-caused
average analyst opinion (target prices and recommendations). For the full period examined,
ATX (7 lags), BET (2-8 lags), BUX (7,8 lags) and Micex (1 lag) proved to be significant

causality contributors in a negative direction.

Pre-crisis BET (1 lag) and BUX (5,6,7 lags) and post crisis ATX (8 lags) and BET (1,2,6,7,8

lags) where examples of funds negatively causing analyst average target prices.

As for recommendations, funds for the full period showed that BUX (1-8 lags), Micex (4-7
lags) and PX (1-8 lags) negatively cause average recommendations. This was corroborated by
results from BET (1-8 lags), BUX (1,2,3,6,7,8 lags) and Micex (6,8 lags) for the pre-crisis
period. Also, funds significantly Granger-caused average analyst recommendations for BUX
(2-8 lags), Micex (1,2,4,5 lags), PX (1-7 lags) and WIG (1-4 lags) for the post crisis period.

H5: A relationship exists between the dispersion in analyst opinion (target prices and

recommendations) and investment fund flows.

The dispersion in analyst target prices for the fully period included only BUX (1 lag) to
positively Granger-cause funds. In the pre-crisis period, BUX (1 lag) had a negative effect,
and in the post-crisis period, BUX (1 lag) and PX (3,4 lags) Granger-caused funds positively,
whereas Micex (2,3,4 lags) Granger-caused funds negatively. These mixed results shows that

no causal effect could be spotted on the data examined.

The dispersion in analyst recommendations positively caused funds. For the full period,
Micex (2-8 lags) showed significant Granger-causality, in the pre-crisis period ISE (2,3 lags)
and WIG (2 lags) supported the same positive causal relationship. An odd results was ISE (4,5
lags) showing a negative relationship. In the post-crisis period, Micex (2-6 lags) also

positively Granger-caused funds.
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The results are somewhat contradictory (odds exist) and results apply only to one or two
indices, none the less, it is interesting to look to the explanation of a positive relationship;
why does higher dispersion in recommendations cause more fund inflow. Either investors are
risk-lovers and buy on ambiguity; or do not interpret dispersion of opinion as a proxy of risk.
Another possible explanation could be that high dispersion reflects contrarian opinion which

is a strategy investors in the Russian, Turkish and Polish markets may have followed.

Examining whether funds impact the dispersion of analyst opinion, I find that the relationship
is negative when looking at the full period. Funds negatively Granger-caused dispersion of
target prices for BET (1-8 lags) and Micex (3-6 lags). No significant causality was uncovered
in the bull market of the pre-crisis period, but the bear market in the post-crisis period showed
mixed results. For BUX (3,5,6,7 lags) and Micex (3,4,5,6 lags) a negative causal relationship
was shown, whereas ATX (1,3,4 lags), BET (1-8 lags) and BUX (4 lags) showed a positive

causal relationship.

Funds negatively Granger-caused dispersion of analyst recommendations for Micex (2,5,6,7,8
lags) and PX (3 lags) for the full period; ATX (2,7,8 lags) and BET (3-6 lags) for the pre-
crisis period; and ISE (8 lags) and Micex (2 lags) for the post-crisis period.

Summary

In this dissertation | investigated equity market efficiency in Emerging Europe through the
relationship between sell-side equity analyst forecasts, fund flow data and market returns. The
financial literature has examined the effect of both analyst forecasts and fund flows
separately, in order to better understand what impacts market returns. No literature, to my
knowledge, captured the equity market microstructure (analyst forecasts, market returns, and
fund flows) in one framework. This enables me to examine whether the causal relationships
between the two factors and returns could also be derived from the third relationship: namely,
between analyst forecasts and fund flows. The argument in support of my approach is that the
product of analysts’ work serves clients at investment funds; therefore I assume that empirical
tests would prove a causal relationship between what analysts say and what investment fund
managers act upon. The counter argument could be the time mismatch in the investment
horizons: analyst forecast offers a 12 month view, whereas investment funds make both
shorter term (daily and weekly) investment decisions in addition to the mid-term and long-

term ones (monthly and annual).

According to Fama (1970) markets are efficient to the extent that new information is reflected
in asset prices. How does new information get priced-in? The equity market micro-structure

reveals that analysts analyse new information and present their research to investors, who in
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turn may act upon the new information. In an efficient market, where the efficient market
hypothesis holds in its stronger form, analyst forecasts would have an immediate effect on
fund flows, that in turn have an immediate effect on market returns; both effects taking place
instantaneously, and no further impact should be observed.

The empirical results of my dissertation contradicts the efficient market hypothesis, since in
many cases market returns significantly over- and under-reacted to analyst forecasts. This can
be explained in different ways. Firstly, 1 am examining emerging markets, therefore
temporary inefficiencies can be considered as normal. Secondly, as information is priced in
slowly, | observed two-directional relationships which indicate that it is difficult to determine

whether analyst forecasts or fund flows drive equity returns or vice versa.

The database used in my empirical research covers the equity market of 7 emerging European
countries (Austria, Czech Republic, Hungary, Poland, Romania, Russia, and Turkey) from 1st
January 2000 — 25th March 2012. This period spans the economic crisis of 2008; therefore |
refer to the period before Lehman Brothers’ collapse on 15th September 2008 as the pre-crisis

period, and consequently the latter period is called as post-crisis period.

The fund flow data is the proprietary data of EPFR that publishes weekly data on each Friday
covering the previous week’s net amount of money flows into a country’s equity market,
covering both country dedicated funds as well as all funds allocated to that country. EPFR

data are quite expensive, and it is only available to paying clients.

The data on analyst forecast are unique and original since | compiled all items one by one
from Bloomberg’s database covering 437 stocks, and 55 sell-side equity analyst target prices
and recommendations (jointly referred to as analyst forecast), a total of 22,568 entries.
Weekly average and dispersion of target prices and recommendations were set up for each
country, with 631 weeks examined.

The datasets on fund flows, analyst forecast and market returns are all aligned in weekly

format to enable time-series analysis.
My findings can be summarised in three points:
1. Fund flows

In general, fund flows and market returns have a positive two-directional relationship. This is
in line with my initial expectations, which is also supported by empirical literature including
Fortune (1998), Goetzmann and Massa (1999), Ippolito (1992) and Alexakis et al. (2004).
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Positive fund flow means liquidity influx to the market that will hike asset prices, and hence

returns. Conversely, higher returns attract money into funds, through cross-asset reallocations.

My findings show that fund flows Granger cause market returns for the subsequent 2 weeks.
However, this was evident only in 4 countries and the results vary during the pre- and post-
crisis period. Before the crisis, the relationship is rather negative, and post-crisis | record
rather positive relationships. Therefore, the direction of the relationship is uncertain and fairly
unstable in time. Hence, during some periods, fund flows may help in forecasting market
returns, nevertheless, a profitable trading strategy can hardly be based solely upon this

dataset.

At the same time, the reverse effect of market returns on fund flows is much stronger, covers
longer lags and was proved in the example of most countries. The positive relationship is
more apparent in the post-crisis period. One possible explanation could be that before the
crisis, the database comprised much less funds than in the later periods and EPFR’s database

coverage of funds expanded continuously.
2. Average analyst forecasts

| observed a negative relationship between average analyst target prices and subsequent
returns. High average target prices Granger-caused lower returns after 1-3 weeks. The same
results were seen when the Granger-causality test was repeated for the pre- and the post-crisis
periods separately, with the most apparent results for the post-crisis period. This surprising
result signals that during this period, analysts were not successful in forecasting equity
returns. A possible explanation could be that higher target prices attract sellers to the market
who see an opportunity to realise gains. Or high target prices in the Emerging European

equity research arena could have been a signal for a contrarian trading strategy.

For recommendations, the relationship is also negative, but results are less robust than in the

case of target prices.

When examining the relationship between average analyst forecasts and fund flows, I also
arrive at surprising results. Namely, average analyst forecasts negatively Granger caused
subsequent fund flows. There is no literature on this relationship, but my initial assumption
was that analyst forecasts Granger cause fund flows in a positive direction. A possible
explanation to the negative relationship can be an immediate over-reaction to analyst forecasts
and slow corrections in the following 1-2 weeks. The reverse relationship, whether fund flows

affect analyst forecasts were not significant on this sample.
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3. Dispersion of analyst forecasts

The dispersion of analyst target prices and market returns show a negative relationship in both
directions. My results contradict Malkiel (1982), and Barry and Brown (1985) and therefore, |
cannot consider dispersion as a possible proxy for risk, as they have suggested. On the other
hand, my results were inline and support the findings of the mainstream literature such as
Diether, Malloy, and Scherbina (2002) and Johnson (2004). However, the results are unstable
across countries and through time, especially following the crisis. The explanation provided
by literature (see McNichols and O'Brien (1997) Denis and Dimitri (2002), and (Chen et al.,
2001)), could also be considered for my data. First reason is the costly short selling in
Emerging Markets, and later on, complete short selling ban during the post-crisis period.
Another reason is that prices suffered upward bias more, as negative information was

withheld from the market, coupled with low market breadth.

The empirical tests confirmed the negative direction causal relationship for target prices, but
found a positive causality for recommendations. The same results were confirmed for the pre-
crisis period. However, the crisis period failed to show any meaningful direction for causality
as results were mixed, which means that dispersion of forecasts was misleading during the

crisis.

The relationship between the dispersion of analyst target prices and fund flows is less
pronounced, but shows a negative relationship in the subsequent 1-2 weeks. My presumptions
were not reflected in my results. | assume that the information transmission mechanism
between analyst forecast and fund flow data is subtle, and therefore the tests failed to capture
it.

| summarise the results of the empirical tests in figure 8. In the first column, the hypotheses
state a causal relationship and its direction between any two variables. The second column
indicates whether analyst forecast is captured by target price (TP) or recommendation (Rec.).
The last three columns show whether the relationship was positive or negative, and for how
many subsequent weeks (lags) was the relationship significant. Results are shown when the

relationship is not mixed and holds for at least 2 countries.
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Full period Pre-crisis Post-crisis
(bull) (bear)
H1 Average forecasts > Market returns Rec. pos (1-2 lags) 0 neg (1-3 lags)
TP neg (1-3 lags) neg (1-2 lags) neg (1-3 lags)
H1 Market returns - Average forecasts Rec. neg (1,2 lags) 0 neg (2-8 lags)
TP neg (2-5lags) | O neg (1-2 lags)
H2 Dispersion of forecasts - Market returns | Rec. pos (1-2 lags) pos (1 lag) 0
TP neg (1-2 lags) neg (1-3lags) |0
H2 Market returns - Dispersion of forecasts | Rec. 0 pos (6-8 lags) pos (4,5 lags)
TP neg (3-8lags) | O neg (2-8 lags)
H3 Fund flows ->Market returns n.a. pos (2 lags) neg (1-3 lags) | pos (2 lags)
H3 Market returns - Fund flows n.a. pos (1-4 lags) pos (1-3 lags) pos (1-3 lags)
H4 Average forecasts - Fund flows Rec. 0 0 0
TP neg (1 lag) neg (1 lag) 0
H4 Fund flows - Average forecasts Rec. neg (1-8 lag) neg (1-8 lag) neg (1-5 lag)
TP neg (7,8 lag) neg (1,5 lag) 0
H5 Dispersion of forecasts > Fund flows Rec. 0 pos (2-3 lags) 0
TP 0 0 0
H5 Fund flows - Dispersion of forecasts Rec. pos (2,3 lag) 0 pos (2,8 lags)
TP neg (1-8lags) | O 0

Figure 8: Summary of empirical tests for Granger-causality in the market microstructure.

In summary, the tendency | observed was that increases in market returns were caused by
fund flow increases, average forecast decreases, and lower dispersion of analyst forecast,
albeit, the last one is a very weak relationship. From this | conclude that there are some signs
of temporary inefficiencies, but the efficient market hypothesis cannot be falsified, even in

these emerging markets.

Further research areas which were beyond the scope of my dissertation include the impact of
market liquidity and also examining the impact of analysts based on their past performance
and their experience. Also, optimising trading algorithms and strategies with accounting for
transaction costs, and investigating whether contrarian trading strategies yield better results

can be topics to further explore.

| presented my results in this dissertation and showed the value of analyst forecast and fund
flow data in understanding returns through the example of Emerging European equity
markets. With wider-spread availability of the analyst forecast and fund flow data, I hope
more academic research would cover the microstructure of the cash equity business, that

would ultimately benefit investors and capital markets.
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Glossary

Consensus

It is the average forecast of equity analysts covering a stock.
Consensus may refer to target prices and earnings estimates.

Coverage

The act of providing analysis for a stock by issuing research reports
including target prices and recommendations on a regular basis.

Developed markets

Includes stock markets of USA, Canada, Western Europe, Asia, Japan

Downgrade (of a
recommendation)

When a new recommendation is on a lower grade than the previous
one. Going from strong buy to buy, buy to neutral and so on.

Downside

The negative difference (in %) between the target price and the current
closing price of the stock.

Earnings estimate

Estimation of earnings per share (EPS) for a stock by an analyst for a
given date. May also be referred to as earnings forecast.

EMEA

Europe, Middle East, Africa

Emerging markets

Includes EMEA, LatAm (Latin America)

Equity Analyst

Is the person authorised to cover stocks on behalf of a brokerage firm.
Their qualification is usually supported by professional exams (e.g.
CFA) and regulatory approvals (e.g. FSA exam).

Fair value

Theoretical economic value based on present value of future cash
flows.

Forecast

In my dissertation, I will collectively refer to target prices and the
recommendations as analyst forecasts or simply forecasts.

Maintenance or
reiteration (of a
recommendation)

When a new recommendation is not changed from the previous one.

Market value

Valuation based on stock price, as priced in by the market.

Opinion Used interchangeably with Analyst forecast. See Forecast.
The date on which pricing is carried out for a research note. It is
Pricing date usually 1-2 days prior to the publication date, allowing time for final

editing and production.

Publication date

The date on which research notes are published, i.e. dispersed to
clients and data source providers.

Recommendation

Qualitative rating of a stock given on an ordinal scale referring to the
analysts’ advice to purchase, to hold on to or to dispose of the stock.

Research note or
equity research

The written product of an equity analyst or a team of analysts that
includes the target price and recommendation on the covered stock,
and quantitative and qualitative assessment of the investment case.

Stock universe

The whole set of stocks covered by a brokerage firm.

Target price The fair value of the stock 12 months from now.
. The positive difference (in %) between the target price and the current
Upside . .
closing price of the stock.
Earnings forecast See earnings estimate
Upgrade (of a When a new recommendation is on a higher grade than the previous

recommendation)

one. Going from strong sell to sell, sell to neutral and so on.

25




10.

11.

Main References

Alexakis, C. — Niarchos, N. — Patra, T. — Poshakwale, S. (2004): The Dynamics between
Stock Returns and Mutual Fund Flows: Empirical Evidence from the Greek Market.
International Review of Financial Analysis 14, pp. 559-569. DOI reference:
http://dx.doi.org/10.1016/j.irfa.2004.10.019

Arrow, K. (1981): Risk Perception in Psychology and Economics. Institute for

Mathematical Studies in the Social Sciences, Stanford University, Stanford, Calif. DOI
reference: http://dx.doi.org/10.1111/j.1465-7295.1982.tb01138.x
Ball, R. — Kothari, S. (1989): Nonstationary Expected Returns: Implications for Tests of

Market Efficiency and Serial Correlation in Returns. Journal of Financial Economics, 25 (1),
pp. 51-74. DOI reference: http://dx.doi.org/10.1016/0304-405x(89)90096-2

Barber, B. — Odean, T. (2000): Trading is Hazardous to Your Wealth: The Common Stock
Investment Performance of Individual Investors. The Journal of Finance, 55 (2), pp. 773-806.
DOI reference: http://dx.doi.org/10.2139/ssrn.219228

Barry, C. — Brown, S. (1985): Differential Information and Security Market Equilibrium.
The Journal of Financial and Quantitative Analysis, 20 (4), pp. 407-422. DOI reference:
http://dx.doi.org/10.2307/2330758

Barberis, N. — Shleifer, A. — Vishny, R. (1998): A Model of Investor Sentiment. Journal of
Financial Economics, 49 (3), pp. 307-343. DOI reference: http://dx.doi.org/10.3386/w5926

Barberis, N. — Thaler, R. (2002): A Survey of Behavioral Finance. NBER Working Papers
9222, National Bureau of Economic  Research, Inc. DOl reference:
http://dx.doi.org/10.3386/w9222

Basu, S. (1977): Investment Performance of Common Stocks in Relation to their Price-

Earnings Ratios: A Test of the Efficient Market Hypothesis. The Journal of Finance, 32 (3),
pp. 663-682. DOI reference: http://dx.doi.org/10.2307/2326304
Basu, S. (1983): The Relationship between Earnings' Yield, Market Value and Return for

NYSE Common Stocks: Further Evidence. Journal of Financial Economics, 12 (1), pp. 129-
156. DOI reference: http://dx.doi.org/10.1016/0304-405x(83)90031-4

Bauer, G. (2012): A Taxonomy of Market Efficiency, Bank of Canada working paper, pp.
37-40. http://www.bankofcanada.ca/wp-content/uploads/2012/01/fsr-1204-bauer.pdf
download date: 10" May, 2012.

Bélyacz, 1. (2010): Kockazat vagy bizonytalansag? Elmélettorténeti toredék a régi

dilemmarol, Kézgazdasagi Szemle, LVII., pp. 652—665.

26


http://dx.doi.org/10.1016/j.irfa.2004.10.019
http://dx.doi.org/10.1111/j.1465-7295.1982.tb01138.x
http://dx.doi.org/10.1016/0304-405x(89)90096-2
http://dx.doi.org/10.2139/ssrn.219228
http://dx.doi.org/10.2307/2330758
http://dx.doi.org/10.3386/w5926
http://dx.doi.org/10.3386/w9222
http://dx.doi.org/10.2307/2326304
http://dx.doi.org/10.1016/0304-405x(83)90031-4
http://www.bankofcanada.ca/wp-content/uploads/2012/01/fsr-1204-bauer.pdf

12.

13.

14.

15.
16.

17.

18.

19.

20.

21.

22,

23.

24,

Bengtsson, E. (2009): European Investment Fund Flows and Financial Stability, Journal
of Asset Management, 10, pp. 293 - 304. DOI reference:
http://dx.doi.org/10.1057/jam.2009.30

Black, F. — Jensen, M. — Scholes, M. (1972): The Capital Asset Pricing Model: Some
Empirical Tests, Studies in the Theory of Capital Markets, 81, pp. 79-121.

Black, F. — Scholes, M. (1973): The Pricing of Options and Corporate Liabilities, The
Journal of Political Economy, 81 (3), pp. 637-654. DOl reference:
http://dx.doi.org/10.1086/260062

Bodie, Z. — Kane, A. — Marcus, A. (2003): Investments, McGraw-Hill, Irwin, 5™ edition.

Boyer, B. — Zheng, L. (2002): Who Moves the Market? A Study of Stock Prices and
Investment Cashflows, http://papers.ssrn.com/sol3/papers.cfm? abstract id=342681 download
date: 2" May, 2012. DOI reference: http://dx.doi.org/10.2139/ssrn.342681

Bradshaw, M. — Brown, L. — Atlanta, G. (2006): Do Sell-Side Analysts Exhibit
Differential Target Price Forecasting Ability?

http://www.alumni.agsm.edu.au/agsm/web.nsf/Attachments
ByTitle/Paper_Mark+Bradshaw 20060612 fix.pdf/$FILE/Paper Mark+Bradshaw 20060612
_fix.pdf download date: 31" March, 2012. DOl reference:
http://dx.doi.org/10.2139/ssrn.698581

Brav, A. — Lehavy, R. (2003): An Empirical Analysis of Analysts' Target Prices: Short-

Term Informativeness and Long-Term Dynamics, Journal of Finance, 58 (5), pp. 1933-1967.
DOl reference: http://dx.doi.org/10.2139/ssrn.266180

Carhart, M. (1997): On Persistence in Mutual Fund Performance, The Journal of Finance,
52 (1), pp. 57-82. DOI reference: http://dx.doi.org/10.1111/].1540-6261.1997.tb03808.x

Cha, H. — Kim, J. (2007): Stock Prices and Equity Mutual Fund Flows: A Macro
Approach, Working Paper, Oklahoma State University.

Chatfield — Roberst, J. (2006): Fundology, The Secrets of Successful Fund Investing,

Harriman House Publishing.

Chen, J. — Hong, H. — Stein, J. (2001): Breadth of Ownership and Stock Returns. NBER
Working Papers 8151, National Bureau of Economic Research, Inc. DOI reference:
http://dx.doi.org/10.3386/w8151

Chopra, N. — Lakonishok, J. — Ritter, J. (1992): Measuring Abnormal Performance: Do

Stocks Overreact? Journal of Financial Economics, 31 (2), pp. 235-268. DOI reference:
http://dx.doi.org/10.1016/0304-405x(92)90005-i

Clare, A. — Thomas, S. (1995): The Overreaction Hypothesis and the UK Stock Market,
Journal of Business Finance and Accounting, 22 (7), pp. 961-961. DOI reference:
http://dx.doi.org/10.1111/j.1468-5957.1995.tb00888.x

27


http://dx.doi.org/10.1057/jam.2009.30
http://dx.doi.org/10.1086/260062
http://papers.ssrn.com/sol3/papers.cfm?%20abstract_id=342681
http://dx.doi.org/10.2139/ssrn.342681
http://www.alumni.agsm.edu.au/agsm/web.nsf/Attachments%20ByTitle/Paper_Mark+Bradshaw_20060612_fix.pdf/$FILE/Paper_Mark+Bradshaw_20060612_fix.pdf
http://www.alumni.agsm.edu.au/agsm/web.nsf/Attachments%20ByTitle/Paper_Mark+Bradshaw_20060612_fix.pdf/$FILE/Paper_Mark+Bradshaw_20060612_fix.pdf
http://www.alumni.agsm.edu.au/agsm/web.nsf/Attachments%20ByTitle/Paper_Mark+Bradshaw_20060612_fix.pdf/$FILE/Paper_Mark+Bradshaw_20060612_fix.pdf
http://dx.doi.org/10.2139/ssrn.698581
http://dx.doi.org/10.2139/ssrn.266180
http://dx.doi.org/10.1111/j.1540-6261.1997.tb03808.x
http://dx.doi.org/10.3386/w8151
http://dx.doi.org/10.1016/0304-405x(92)90005-i
http://dx.doi.org/10.1111/j.1468-5957.1995.tb00888.x

25.

26.

217.

28.

29.

30.

31.

32.

33.

34.

35.

36.

37.

Cowles, A. — Jones, H. (1937): Some A Posteriori Probabilities in Stock Market Action.
Econometrica, 5 (3), pp. 280-294. DOI reference: http://dx.doi.org/10.2307/1905515

Cox, D.R. (1972): The Analysis of Multivariate Binary Data, Applied Statistics, 21 (2) pp.
113-120. DOI reference: http://dx.doi.org/10.2307/2346482

Cutler, D. — Poterba, J. — Summers, L. (1989): What Moves Stock Prices? NBER Working
Papers 2538, National Bureau of Economic Research, 1Inc. DOI reference:
http://dx.doi.org/10.3386/w2538

Cyert, R. — DeGroot, M. (1974): Rational Expectations and Bayesian Analysis, The
Journal of Political Economy, 82 (3), pp. 521-536. DOl reference:
http://dx.doi.org/10.1086/260210

Daniel, K. — Hirshleifer, D. — Subrahmanyam, A. (1998): Investor Psychology and
Security Market Under-and Overreactions, The Journal of Finance, 53 (6), pp. 1839-1885.
DOI reference: http://dx.doi.org/10.1111/0022-1082.00077

Davidson, W. N. — Dutia, D. (1989): A Note on the Behaviour of Security Returns: A Test
of Stock Market Overreaction and Efficiency, Journal of Financial Research 13 (3), pp. 245-
253.

Davis, M. — Etheridge, A. (2006): Louis Bachelier's Theory of Speculation: The Origins
of Modern Finance, Princeton University Press.

De Bondt, W. — Thaler, R. (1985): Does the Stock Market Overreact? The Journal of
Finance, 40 (3), pp. 793-805. DOI reference: http://dx.doi.org/10.1111/j.1540-
6261.1985.tb05004.x

DeCanio, S. (1979): Rational Expectations and Learning from Experience, The Quarterly
Journal of Economics, 93 (1), pp. 47-57. DOI reference: http://dx.doi.org/10.2307/1882597

Denis, G. — Dimitri, V. (2002): Equilibrium and Welfare in Markets with Financially

Constrained Arbitrageurs, Journal of Financial Economics, 66 (2-3), pp. 361-407. DOI
reference: http://dx.doi.org/10.1016/s0304-405x(02)00228-3
Diamond, D. — Verrecchia, R. (1987): Constraints on Short-Selling and Asset Price

Adjustment to Private Information, Journal of Financial Economics, 18 (2), pp. 277-311. DOI
reference: http://dx.doi.org/10.1016/0304-405x(87)90042-0

Diether, K. — Malloy, C. — Scherbina, A. (2002): Differences of Opinion and the Cross
Section of Stock Returns, The Journal of Finance, 57 (5), pp. 2113-2141. DOI reference:
http://dx.doi.org/10.1111/0022-1082.00490

Dubovsky, D.A. (2010): Mutual Fund Portfolio Trading and Investor Flow, Journal of
Banking & Finance, 34, pp. 802-812. DOI reference: http://dx.doi.org/10.2139/ssrn.1140348

28


http://dx.doi.org/10.2307/1905515
http://dx.doi.org/10.2307/2346482
http://dx.doi.org/10.3386/w2538
http://dx.doi.org/10.1086/260210
http://dx.doi.org/10.1111/0022-1082.00077
http://dx.doi.org/10.1111/j.1540-6261.1985.tb05004.x
http://dx.doi.org/10.1111/j.1540-6261.1985.tb05004.x
http://dx.doi.org/10.2307/1882597
http://dx.doi.org/10.1016/s0304-405x(02)00228-3
http://dx.doi.org/10.1016/0304-405x(87)90042-0
http://dx.doi.org/10.1111/0022-1082.00490
http://dx.doi.org/10.2139/ssrn.1140348

38.

39.

40.

41.

42.

43.

44,

45.

46.

47.

48.

49.

50.

Edelen, R. (1999): Investor Flows and the Assessed Performance of Open-End Mutual
Funds, Journal of Financial Economics 53, pp. 439-466. DOI reference:
http://dx.doi.org/10.1016/s0304-405x(99)00028-8

Fama, E. (1970): Efficient Capital Markets: A Review of Theory and Empirical Work,
Journal of Finance, 25 (2), pp. 383-417. DOI reference: http://dx.doi.org/10.2307/2325486

Fama, E. (1991): Efficient Capital Markets: Il, The Journal of Finance, 46 (5), pp. 1575-
1617. DOI reference: http://dx.doi.org/10.1111/j.1540-6261.1991.tb04636.x

Fama, E. (1998): Market Efficiency, Long-Term Returns, and Behavioral Finance, Journal
of Financial Economics, 49 (3), pp. 283-306. DOI reference:
http://dx.doi.org/10.2139/ssrn.15108

Fama, E. — Fisher, L. — Jensen, M. — Roll, R. (1969): The Adjustment of Stock Prices to
New Information, International Economic Review, 10 (1), pp. 1-21. DOI reference:
http://dx.doi.org/10.2307/2525569

Fama, E. — French, K. (1993): Common Risk Factors in the Returns on Stocks and Bonds,

Journal  of  Financial Economics, 33 (1), pp. 3-56. DOI reference:
http://dx.doi.org/10.1016/0304-405x(93)90023-5

Fama, E.—French, K. (1996): Multifactor Explanations of Asset Pricing Anomalies, The
Journal of Finance, 1 (1), pp. 55-84. DOI reference: http://dx.doi.org/10.1111/].1540-
6261.1996.tb05202.x

Fama, E. — French, K. (2011): Size, Value, and Momentum in International Stock Returns,
Tuck School of Business Working Paper No. 2011-85. DOl reference:
http://dx.doi.org/10.2139/ssrn.1720139

Fortune, P. (1998): Mutual Funds, Part Il: Fund Flows and Security Returns, New

England Economic Review, January/February, 3-22.

Francisco, C. (1987): The Capital Asset Pricing Model with Non-Homogeneous
Expectations: Theory and Evidence on Systematic Risks to the Beta, Harvard University and
Philippine Institute for Development Studies, pp. 1-57.

French, K. R. — Roll, R. (1986): Stock Return Variances: The Arrival of Information and
the Reaction of Traders, Journal of Financial Economics, 17 (1), pp. 5-26. DOI reference:
http://dx.doi.org/10.1016/0304-405x(86)90004-8

Fridson, M.S. (2000): Semi-Annual Seasonality in High-Yield Bond Returns, Journal of

Portfolio Management 26, pp. 102-111. DOl reference:
http://dx.doi.org/10.3905/jpm.2000.319768

Froot, K. A. — O’Connell, P. G. J. — Seasholes, M. S. (2001): The Portfolio Flows of
International Investors, Journal of Financial Economics 59 (2), pp. 151-193. DOI reference:
http://dx.doi.org/10.1016/s0304-405x(00)00084-2

29


http://dx.doi.org/10.1016/s0304-405x(99)00028-8
http://dx.doi.org/10.2307/2325486
http://dx.doi.org/10.1111/j.1540-6261.1991.tb04636.x
http://dx.doi.org/10.2139/ssrn.15108
http://dx.doi.org/10.2307/2525569
http://dx.doi.org/10.1016/0304-405x(93)90023-5
http://dx.doi.org/10.1111/j.1540-6261.1996.tb05202.x
http://dx.doi.org/10.1111/j.1540-6261.1996.tb05202.x
http://dx.doi.org/10.2139/ssrn.1720139
http://dx.doi.org/10.1016/0304-405x(86)90004-8
http://dx.doi.org/10.3905/jpm.2000.319768
http://dx.doi.org/10.1016/s0304-405x(00)00084-2

51.

52,

53.

54.

55.

56.

S57.

58.

59.

60.

61.

62.

63.

Gleason, C. — Johnson, W. — Li, H. (2007): The Earnings Forecast Accuracy, Valuation
Model Use, and Price Target Performance of Sell-Side Equity Analysts, Tech. rep., Working
paper, University of lowa, http://www.mccombs.utexas.edu/news/research_calendar/
ACCT Gleason_9 22 06.pdf download date: 30™ March, 2012. DOI reference:
http://dx.doi.org/10.2139/ssrn.930720

Goetzmann, W. — Massa, M. (1999): Index Funds and Stock Market Growth, National
Bureau of Economic Research, Inc. NBER Working Papers 7033. DOI reference:
http://dx.doi.org/10.3386/w7033

Grossman, S. — Stiglitz, J. (1980): On the Impossibility of Informationally Efficient
Markets, The American Economic Review, 70 (3), pp. 393-408. DOI reference:

Grossman, S. — Stiglitz, J. (1982): On the Impossibility of Informationally Efficient
Markets: Reply, The American Economic Review, 72 (4), p. 875. DOI reference:

Haltiwanger, J. — Waldman, M. (1985): Rational Expectations and the Limits of
Rationality: an Analysis of Heterogeneity, The American Economic Review, 75 (3), pp. 326-
340. DOI reference:

Harrison, J. — Kreps, D. (1978): Speculative Investor Behavior in a Stock Market with
Heterogeneous Expectations, The Quarterly Journal of Economics, 92 (2), pp. 323-336. DOI
reference: http://dx.doi.org/10.2307/1884166

Hirshleifer, D. (2001): Investor Psychology and Asset Pricing, The Journal of Finance, 56
(4), pp. 1533-1597. DOI reference: http://dx.doi.org/10.1111/0022-1082.00379

Hendry, S. — King, M. (2004): The Efficiency of Canadian Capital Markets: Some Bank
of Canada Research, Bank of Canada Review, pp. 5-17.

Hommes, C. (2005): Heterogeneous Agent Models in Economics and Finance, Tinbergen
Institute Discussion Paper, TI 2005-056/1. DOI reference:
http://dx.doi.org/10.2139/ssrn.742384

Hommes, C. (2010): The Heterogeneous Expectations Hypothesis: Some Evidence from

the Lab, International Research Forum on Monetary Policy,

http://www.federalreserve.gov/events/conferences/irfmp2010/HTML/paper6/index.html

download date: 5" June, 2012. DOI reference: http://dx.doi.org/10.1016/j.jedc.2010.10.003
Hong, H. — Kubik, J. — Solomon, A. (2000): Security Analysts’ Career Concerns and

Herding of Earnings Forecasts, The RAND Journal of Economics, Vol. 31, No. 1, pp. 121-
144. DOI reference: http://dx.doi.org/10.2307/2601032
Hong, H. — Stein, J. (1999): Differences of Opinion, Rational Arbitrage and Market
Crashes, NBER Working Papers 7376. DOI reference: http://dx.doi.org/10.3386/w7376
Hosmer, D.W. — Lemeshow, S. (2000): Applied Logistic Regression, 2™ edition, Wiley.
DOI reference: http://dx.doi.org/10.1002/0471722146

30


http://www.mccombs.utexas.edu/news/research_calendar/%20ACCT_Gleason_9_22_06.pdf
http://www.mccombs.utexas.edu/news/research_calendar/%20ACCT_Gleason_9_22_06.pdf
http://dx.doi.org/10.2139/ssrn.930720
http://dx.doi.org/10.3386/w7033
http://dx.doi.org/10.2307/1884166
http://dx.doi.org/10.1111/0022-1082.00379
http://dx.doi.org/10.2139/ssrn.742384
http://www.federalreserve.gov/events/conferences/irfmp2010/HTML/paper6/index.html
http://dx.doi.org/10.1016/j.jedc.2010.10.003
http://dx.doi.org/10.3386/w7376
http://dx.doi.org/10.1002/0471722146

64.

65.

66.

67.

68.

69.

70.

71.

72.

73.

74,

75.

Huberman, G. — Regev, T. (2001): Contagious Speculation and a Cure for Cancer: A
Nonevent that Made Stock Prices Soar, The Journal of Finance, 56 (1), pp. 387-396. DOI
reference: http://dx.doi.org/10.1111/0022-1082.00330

Ippolito, R. (1992): Consumer Reaction to Measures of Poor Quality: Evidence from the

Mutual Fund Industry, Journal of Law and Economics 35, pp. 45-69. DOI reference:
http://dx.doi.org/10.1086/467244

Jegadeesh, N. — Titman, S. (1993): Returns to Buying Winners and Selling Losers:
Implications for Stock Market Efficiency, The Journal of Finance, 48 (1), pp. 65-91. DOI
reference: http://dx.doi.org/10.1111/j.1540-6261.1993.tb04702.x

Jensen, M. (1968): The Performance of Mutual Funds in the Period 1945-1964, Journal of
Finance, 23 (2), pp. 389-416. DOI reference: http://dx.doi.org/10.1111/j.1540-
6261.1968.tb00815.x

Jensen, M. (1978): Some Anomalous Evidence Regarding Market Efficiency, Journal of

Financial Economics 6 (2/3), pp. 95-101. DOl reference:
http://dx.doi.org/10.2139/ssrn.244159

Johnson, T. (2004): Forecast Dispersion and the Cross Section of Expected Returns, The
Journal of Finance, 59 (5), pp. 1957-1978. DOI reference: http://dx.doi.org/10.1111/].1540-
6261.2004.00688.x

Jotikasthira, C. — Lundblad, C. — Ramadorai, T. (2012): Asset Fire Sales and Purchases
and the International Transmission of Financial Shocks, CEPR Discussion Papers.

www.epfr.com download date: 30" January, 2011. DOl reference:
http://dx.doi.org/10.2139/ssrn.1523628
Kahneman, D. — Slovic, P. — Tversky, A. (1982): Judgment Under Uncertainty: Heuristics

and Biases, Cambridge University Press. DOl reference:
http://dx.doi.org/10.1017/cbo9780511809477

Kahneman, D. — Tversky, A. (1973): On the Psychology of Prediction, Psychological
Review, 80 (4), pp. 237-251. DOI reference: http://dx.doi.org/10.1037/h0034747

Kahneman, D. — Tversky, A. (1979): Prospect Theory: An Analysis of Decision Under
Risk, Econometrica, 47 (2), pp. 263-291. DOI reference: http://dx.doi.org/10.2307/1914185

Kaminsky, G. L. — Lyons, R. K. — Schmukler, S. L. (2001): Mutual Fund Investment in
Emerging Markets: An Overview, The World Bank Economic Review 15 (2), pp. 315-340.
DOI reference: http://dx.doi.org/10.1007/978-1-4757-3314-3 7

Kanne, S. — Kreutzmann, D. (2008): Recommendations and the Performance of Target

Price.  Changes, http://cfr-cologne.de/download/kolloquium/2009/kanne-kreutzmann.pdf
download date: 30" April, 2012. DOI reference:

31


http://dx.doi.org/10.1111/0022-1082.00330
http://dx.doi.org/10.1086/467244
http://dx.doi.org/10.1111/j.1540-6261.1993.tb04702.x
http://dx.doi.org/10.1111/j.1540-6261.1968.tb00815.x
http://dx.doi.org/10.1111/j.1540-6261.1968.tb00815.x
http://dx.doi.org/10.2139/ssrn.244159
http://dx.doi.org/10.1111/j.1540-6261.2004.00688.x
http://dx.doi.org/10.1111/j.1540-6261.2004.00688.x
http://www.epfr.com/
http://dx.doi.org/10.2139/ssrn.1523628
http://dx.doi.org/10.1017/cbo9780511809477
http://dx.doi.org/10.1037/h0034747
http://dx.doi.org/10.2307/1914185
http://dx.doi.org/10.1007/978-1-4757-3314-3_7
http://cfr-cologne.de/download/kolloquium/2009/kanne-kreutzmann.pdf

76.

77.

78.

79.

80.

81.

82.

83.

84.

85.

86.

87.

88.

89.

90.

Klobucnik, J. — Kreutzmann, D. — Sievers, S. — Kanne, S. (2012): To Buy or Not to Buy?
The Value of Contradictory Analyst Signals, http://dx.doi.org/10.2139/ssrn.2012599
download date: 6™ May, 2012. DOI reference: http://dx.doi.org/10.1007/511408-012-0196-z

Kovécs, E. (2006): Pénzugyi adatok statisztikai elemzése, egyetemi tankényv, Budapesti

Corvinus Egyetem.

Lamont, O. (2004): Go Down Fighting: Short Sellers vs. Firms, NBER Working Papers
10659. DOI reference: http://dx.doi.org/10.3386/w10659

Lee, C. — Swaminathan, B. (2000): Price Momentum and Trading VVolume, The Journal of
Finance, 55 (5), pp. 2017-2069. DOI reference: http://dx.doi.org/10.2139/ssrn.92589

Lintner, J. (1965): The Valuation of Risk Assets and the Selection of Risky Investments in

Stock Portfolios and Capital Budgets, Review of Economics and Statistics, 47, pp. 13-37.
DOI reference: http://dx.doi.org/10.2307/1924119

Lo, A. W. — Mackinlay, A. C. (1999): A Non-Random Walk down Wall Street, Princeton
University Press. DOI reference: http://dx.doi.org/10.1007/s00712-003-0592-y

Loh, R. — Mian, G. (2006): Do accurate earnings forecasts facilitate superior investment

recommendations? Journal of Financial Economics, 80 (2), pp. 455-483. DOI reference:
http://dx.doi.org/10.1016/j.jfineco.2005.03.009

Malkiel, B. (1982): Risk and Return: A New Look. NBER Working Papers 0700. DOI
reference: http://dx.doi.org/10.3386/w0700

Malkiel, B. (1973): A Random Walk Down Wall Street. New York, W. W. Norton and
Company, Inc. DOI reference: http://dx.doi.org/10.5860/choice.41-0431

Malkiel, B. (2003): The Efficient Market Hypothesis and its Critics, The Journal of
Economic Perspectives, 17 (1), pp. 59-82. DOI reference:
http://dx.doi.org/10.1257/089533003321164958

Mankiw, N. — Zeldes, S. (1991): The Consumption of Stockholders and Nonstockholders,
Journal of Financial Economics, 29 (1), pp. 97-111. DOl reference:
http://dx.doi.org/10.1016/0304-405x(91)90015-c

Marquering, W. — Nisser, J. — Valla, T. (2006): Disappearing Anomalies: A Dynamic

Analysis of the Persistence of Anomalies, Applied Financial Economics, 16 (4), pp. 291-302.
DOl reference: http://dx.doi.org/10.1080/09603100500400361
McClure, B. (2010): Earnings Forecasts: A Primer, http://www.investopedia.com/articles/

stocks/06/earningsforecasts.asp download date: 31% March, 2012.
McNichols, M. — O'Brien, P. (1997): Self-Selection and Analyst Coverage, Journal of
Accounting Research, 35, pp. 167-199. DOI reference: http://dx.doi.org/10.2307/2491460
Mehra, R. (2003): The Equity Premium: Why Is It a Puzzle? NBER Working Papers
9512. DOI reference: http://dx.doi.org/10.3386/w9512

32


http://dx.doi.org/10.2139/ssrn.2012599
http://dx.doi.org/10.1007/s11408-012-0196-z
http://dx.doi.org/10.3386/w10659
http://dx.doi.org/10.2139/ssrn.92589
http://dx.doi.org/10.2307/1924119
http://dx.doi.org/10.1007/s00712-003-0592-y
http://dx.doi.org/10.1016/j.jfineco.2005.03.009
http://dx.doi.org/10.3386/w0700
http://dx.doi.org/10.5860/choice.41-0431
http://dx.doi.org/10.1257/089533003321164958
http://dx.doi.org/10.1016/0304-405x(91)90015-c
http://dx.doi.org/10.1080/09603100500400361
http://www.investopedia.com/articles/%20stocks/06/earningsforecasts.asp
http://www.investopedia.com/articles/%20stocks/06/earningsforecasts.asp
http://www.investopedia.com/articles/%20stocks/06/earningsforecasts.asp
http://dx.doi.org/10.2307/2491460
http://dx.doi.org/10.3386/w9512

91. Mehra, R. — Prescott, E. (1985): The Equity Premium: A Puzzle, Journal of Monetary
Economics, 15 (2), pp. 145-161. DOI reference: http://dx.doi.org/10.3386/w9512

92. Meyer, B. — Anamootoo, J. — Schmitz, 1. (2006): The Predictive Power of Weekly Fund
Flows. Equity Strategy, Deutsche Bank, http://www.epfr.com/case_studies/
DB_PredictivePower.pdf download date: 15™ June, 2011. DOI reference:

93. Meyer, B. (2010): The Value of Weekly Fund Flow Data — How Fund Flow Data Helps to

Improve  Tactical Asset Allocation. Cross Asset Strategy, Commerzbank,

http://www.epfr.com/Case_Studies/fCAF_Commerzbank.pdf download date: 1% February,
2012. DOl reference:

94, Miao, Y. — Pant, M. (2012): Coincident Indicators of Capital Flows, IMF Working Paper,
WP/12/55, http://www.imf.org/external/pubs/ft/wp/2012/wp1255.pdf download date: 30"
March, 2012. DOI reference:

95. Mikhail, M. — Walther, B. — Willis, R. (2004): Do Security Analysts Exhibit Persistent
Differences in Stock Picking Ability? Journal of Financial Economics, 74 (1), pp. 67-91. DOI
reference: http://dx.doi.org/10.2139/ssrn.299667

96. Miller, E. (1977): Risk, Uncertainty, and Divergence of Opinion, The Journal of Finance,
32 (4), pp. 1151-1168. DOI reference: http://dx.doi.org/10.1111/j.1540-6261.1977.tb03317.x

97. Miller, M. (1986): Behavioral Rationality in Finance: The Case of Dividends, Journal of
Business, 59 (4), pp. 451-468. DOI reference: http://dx.doi.org/10.1086/296380

98.  Modigliani, F. — Miller, M. (1958): The Cost of Capital, Corporation Finance and the
Theory of Investment, The American Economic Review, 48 (3), pp. 261-297. DOI reference:

99. Nagel, S. (2005): Short Sales, Institutional Investors and the Cross-Section of Stock

Returns, Journal of Financial Economics, 78 (2), pp. 277-309. DOI reference:
http://dx.doi.org/10.1016/j.jfineco.2004.08.008
100. Neumann, J. — Morgenstern, O. — Kuhn, H. — Rubinstein, A. (2007): Theory of Games and

Economic Behavior, 60" Anniversary Edition, Princeton University Press, New Jersey. DOI

reference: http://sf.oxfordjournals.org/content/24/2/245
101. Nocera, J. (2009): Poking Holes in a Theory on Markets. The New York Times.
http://www.nytimes.com/2009/06/06/business/06nocera.html? r=1&scp=1&sq=efficient%20

market&st=cse download date: 30" November, 2011. DOI reference:

102. Odean, T. (1998): Volume, Volatility, Price, and Profit When All Traders Are Above
Average, The Journal of Finance, 53 (6), pp. 1887-1934. DOI reference:
http://dx.doi.org/10.2139/ssrn.94141

103. Odean, T. (1999): Do Investors Trade Too Much? The American Economic Review, 89
(5), pp. 1279-1298. DOI reference: http://dx.doi.org/10.1257/aer.89.5.1279

33


http://dx.doi.org/10.3386/w9512
http://www.epfr.com/case_studies/%20DB_PredictivePower.pdf
http://www.epfr.com/case_studies/%20DB_PredictivePower.pdf
http://www.epfr.com/case_studies/%20DB_PredictivePower.pdf
http://www.epfr.com/Case_Studies/CAF_Commerzbank.pdf
http://www.imf.org/external/pubs/ft/wp/2012/wp1255.pdf
http://dx.doi.org/10.2139/ssrn.299667
http://dx.doi.org/10.1111/j.1540-6261.1977.tb03317.x
http://dx.doi.org/10.1086/296380
http://dx.doi.org/10.1016/j.jfineco.2004.08.008
http://sf.oxfordjournals.org/content/24/2/245
http://www.nytimes.com/2009/06/06/business/06nocera.html?_r=1&scp=1&sq=efficient%20market&st=cse
http://www.nytimes.com/2009/06/06/business/06nocera.html?_r=1&scp=1&sq=efficient%20market&st=cse
http://dx.doi.org/10.2139/ssrn.94141
http://dx.doi.org/10.1257/aer.89.5.1279

104. Qu, S. — Starks, L. — Yan, H. (2004): Risk, Dispersion of Analyst Forecasts and Stock
Returns, University of Texas at Austin, http://www?2.agsm.edu.au/agsm/web.nsf/Attachments
ByTitle/Paper Hong+Yan_2003/$FILE/Paper Hong+Yan_2003.pdf download date: 25"
February, 2012.

105. Remolona, E. M. — Kleinman, P. — Gruenstein, D. (1997): Market Returns and Mutual
Fund Flows, Economic Policy Review 3, pp. 33-52.

106. Roll, R. (1977): A Critique of Asset Pricing Theory’s Tests Part I. On Past and
Potential Testability of the Theory, Journal of Financial Economics, 4, pp. 129-176. DOI
reference: http://dx.doi.org/10.1016/0304-405x(77)90009-5

107. Roll, R. (1984): Orange Juice and Weather, The American Economic Review, 74 (5),
pp. 861-880.

108. Sharpe, W. (1964): Capital Asset Prices: A Theory of Market Equilibrium Under
Conditions of Risk, The Journal of Finance, 19 (3), pp. 425-442. DOI reference:
http://dx.doi.org/10.1111/j.1540-6261.1964.tb02865.x

109. Shiller, R. (1981): Do Stock Prices Move Too Much to be Justified by Subsequent
Changes in Dividends? The American Economic Review, 71 (3), pp. 421-436. DOI reference:
http://dx.doi.org/10.3386/w0456

110. Shleifer, A. — Vishny, R. (1997): The Limits of Arbitrage, The Journal of Finance, 52
(1), pp. 35-55. DOI reference: http://dx.doi.org/10.1111/].1540-6261.1997.tb03807.x

111. Stevens, S. S. (1946): On the Theory of Scales of Measurement, Science, Vol. 103,
No. 2684, pp. 677-680. DOI reference: http://dx.doi.org/10.1126/science.103.2684.677

112. Stevens, S.S. (1951): Mathematics, Measurement and Psychophysics, In Stevens

(Ed.) Handbook of Experimental Psychology, pp. 1-49. New York: Wiley.

113. Stickel, S. (1992): Reputation and Performance Among Security Analysts, The Journal
of Finance, Vol. 47, lIssue 5, pp. 1811-1836. DOI reference: http://10.1111/j.1540-
6261.1992.th04684.x

114. Stout, L. (2004): The Mechanisms of Market Inefficiency: An Introduction to the New

Finance. UCLA School of Law, http://www.escholarship.org/uc/item/5tc4j0gn download
date: 28" January, 2012. DOI reference: http://dx.doi.org/10.2139/ssrn.470161

115. Thaler, R. (1999): The End of Behavioral Finance, Financial Analysts Journal, 55 (6),
pp. 12-17. DOI reference: http://dx.doi.org/10.2469/faj.v55.n6.2310

116. Thaler, R. (2009): Markets Can Be Wrong and the Price is Not Always Right, The
Financial Times, http://www.ft.com/cms/s/O/efc0e92e-8121-11de92e700144feabdc0.html?n
click_check=1 download date: 1 March, 2012.

117.  The Economist (2009): Efficiency and Beyond, The Economist. 16™ July, 2011.

34


http://www2.agsm.edu.au/agsm/web.nsf/Attachments%20ByTitle/Paper_Hong+Yan_2003/$FILE/Paper_Hong+Yan_2003.pdf
http://www2.agsm.edu.au/agsm/web.nsf/Attachments%20ByTitle/Paper_Hong+Yan_2003/$FILE/Paper_Hong+Yan_2003.pdf
http://www2.agsm.edu.au/agsm/web.nsf/Attachments%20ByTitle/Paper_Hong+Yan_2003/$FILE/Paper_Hong+Yan_2003.pdf
http://dx.doi.org/10.1016/0304-405x(77)90009-5
http://dx.doi.org/10.1111/j.1540-6261.1964.tb02865.x
http://dx.doi.org/10.3386/w0456
http://dx.doi.org/10.1111/j.1540-6261.1997.tb03807.x
http://dx.doi.org/10.1126/science.103.2684.677
http://10.0.4.87/j.1540-6261.1992.tb04684.x
http://10.0.4.87/j.1540-6261.1992.tb04684.x
http://www.escholarship.org/uc/item/5tc4j0qn
http://dx.doi.org/10.2139/ssrn.470161
http://dx.doi.org/10.2469/faj.v55.n6.2310
http://www.ft.com/cms/s/0/efc0e92e-8121-11de92e700144feabdc0.html?n%20click_check=1
http://www.ft.com/cms/s/0/efc0e92e-8121-11de92e700144feabdc0.html?n%20click_check=1

118. Varian, H. (1989): Financial Risk: Theory, Evidence and Implications: Proceedings of the
11™ Annual Economic Policy Conference of the Federal Reserve Bank of St. Louis. Kluwer
Academic Publishers.

119. Warther, V.A. (1995): Aggregate Mutual Fund Flows and Security Returns, Journal of
Financial Economics 39, pp. 209-235. DOI reference: http://dx.doi.org/10.1016/0304-
405x(95)00827-2

120.  Womack, K. (1996): Do Brokerage Analysts' Recommendations Have Investment Value?
Journal of Finance, 51 (1), pp. 137-167. DOI reference: http://dx.doi.org/10.1111/].1540-
6261.1996.tb05205.x

121.  Working, H. (1934): A Random Difference Series for Use in the Analysis of Time Series,
Journal of the American Statistical Association, 29 (185), pp. 11-24. DOI reference:
http://dx.doi.org/10.2307/2278456

122. Zarowin, P. (1990): Size, Seasonality, and Stock Market Overreaction, Journal of
Financial and Quantitative Analysis, 25 (1), pp. 113-125. DOI reference:
http://dx.doi.org/10.2307/2330891

Own References

1. Naffa, H. — Kaliczka, N. (2011): Az &llami szerepvéllalas egy modellje a lejart
kovetelések piacan, Hitelintézeti szemle 10:(2) pp. 93-107.

2. Kovécs, E. — Domotor, B. — Naffa, H (2011): Investment Decision in Crises: A Study
of Private Pension Fund Investments, Acta Oeconomica 61:(4) pp. 389-412. DOI reference:
http://dx.doi.org/10.1556/A0econ.61.2011.4.1

3. Kaliczka, N — Naffa, H. (2010): Természetes jelzések a megbiz6-Ugynok koalicid

jovedelmének hitelesitésében, Vezetéstudomany 41:(4) pp. 45-54.

4. Naffa, H. (2009): Eszkozérazasi anomaliak tobbvaltozos modellje, Hitelintézeti
szemle 8:(6) pp. 516-527.

5. Naffa, H. (2009): A Multifactor Approach in Understanding Asset Pricing Anomalies,
Budapesti Ertéktdzsde, Budapest, Kochmeister dij.

35


http://dx.doi.org/10.1016/0304-405x(95)00827-2
http://dx.doi.org/10.1016/0304-405x(95)00827-2
http://dx.doi.org/10.1111/j.1540-6261.1996.tb05205.x
http://dx.doi.org/10.1111/j.1540-6261.1996.tb05205.x
http://dx.doi.org/10.2307/2278456
http://dx.doi.org/10.2307/2330891
http://dx.doi.org/10.1556/AOecon.61.2011.4.1

